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INTRODUCTION

The prediction of targets for bioactive compounds Identified In medicinal plants
traditionally used in the world and their potential correlations with the diseases reported In
this use or prospected by in silico target prediction research help in the evolution of studies
Involving these diseases and accelerate the discovery of drugs. They also reveal the potential
for new effects of these compounds. Among the countless medicinal species, we have
Syzygium cumini (L.) Skeels, a tropical tree (Myrtaceae) popularly known as “Jambolao”
(Brazilian Portuguese).

OBJECTIVE

Our aim was to provide more Information about Syzygium cumini, such as the
pharmacological effects of its compounds and a better understanding of related diseases.
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2 Source Target Common name Uniprot 1D ChEMBL ID Target Class

3 | 1,2,6-Trigalloylglucose Squalene monoox yEenase (ESQLE Q14534 CHEMEBL3592 Enzyme reSUIti ng from

4 | 1-galloylglucose Aldose reductase AKR1B1 P15121 CHEMBL1500 Enzyme

5 Beta-Sitosterol Miemann-Pick C1-like protein NPC1L1 Q9UHCY CHEMBL2027 Other membrane protein

6 Betulinicacid SUMO-activating enzyme subi SAEL QSUBED CHEMBL2095174 Enzyme target

7 Betulinic acid SUMO-activating enzyme subi UBA 2 QSUBT2 CHEMBL2095174 Enzyme N .

8 Betulinic acid DNA polymerase beta (by ho POLB PO6746 CHEMBL2392  Enzyme p red |Ct| On ] —_—
3 | Betulinic acid Aldo-keto reductase family 1 AKR1B10 060218 CHEMEBL5983 Enzyme

10 Caffeic Acid Carbonic anhydrase I CA2 PO0918 CHEMEBL205 Lyase

11 Caffeic Acid Arachidonate 5-lipoxygenase ALOXS P0O9917 CHEMBL215 Oxidoreductase

12 Caffeic Acid Carbonic anhydrase VI CA7 P43166 CHEMBL2326 Lyase

13 Caffeic Acid Carbonic anhydrase | CAl P0OO915 CHEMBL261 Lyase

14 Caffeic Acid Carbonic anhydrase VI CAB P23280 CHEMBL3025 Lyase

15 Caffeic Acid Matrix metalloproteinase 9 MMP9 P147380 CHEMBL321 Protease

16 Caffeic Acid Carbonic anhydrase Xl CAl2 043570 CHEMBL3242 Lyase

17 Caffeic Acid Matrix metalloproteinase 1  MMP1 P0O3956 CHEMBL332 Protease

18 Caffeic Acid Matrix metalloproteinase2  MMP2 P0O3253 CHEMBL333 Protease

19 Caffeic Acid Protein-tyrosine phosphatase PTPN1 P13031 CHEMBL335 Phosphatase P U b C h e m
20 Caffeic Acid Carbonic anhydrase X1V CAl4d QouLX7 CHEMBL3510 Lyase

21 Caffeic Acid Carbonic anhydrase 1X CAS Q16730 CHEMBL3554 Lyase d O 'I'O b Q S e
22 Caffeic Acid Carbonic anhydrase VB CASE QsY2D0 CHEMEBL3969 Lyase

23 Caffeic Acid Carbonic anhydrase VA CASA P35218 CHEMBLA733 Lyase
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Figure 1. Prospection of S.cumini bioactive compounds, virtual
screening and correlation of genes corresponding to diseases.
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* This graph reveals the Influence of S. cumini compounds, through the
targets found In virtual screening, with diseases such as: lung cancer,
chronic obstructive pulmonary disease (COPD), bladder cancer, breast
cancer, adenocarcinoma esophagus (EAC) and colorectal cancer.

‘ CONCLUSION

Our results suggest a wide application of the identified compounds of S. cumini. The analyzes
carried out revealed as targets, some types of cancer and COPD. Therefore, the bioactive
compounds of S.cumini possibly have pharmacological and clinical interest effects.
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